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Research on learner portrait technology based on online learning behavior data
Li Cheng
Sichuan Modern Vocational College, Chengdu, Sichuan 610207

Abstract : With the in—depth application of Al and big data technologies, the digital transformation of the
vocational education field is accelerating. As a key factor in the development of personalized
education, learner profiling technology analyzes online learning behavior data to gain insights into
students' learning habits, interests, and abilities, thereby facilitating precise teaching and customized
learning paths. It effectively addresses challenges faced in practical applications, such as difficulties
in data collection, significant algorithm biases, privacy protection concerns, and platform integration
difficulties. The profiling technology based on online learning behavior data adheres to the principles of
comprehensiveness, accuracy, real-time nature, and privacy protection in data collection. It employs
algorithms such as clustering, classification, and association rule mining to ensure the accuracy of the
profiles. The research findings of this technology will be applied in areas such as personalized teaching
and learning assessment, laying a foundation for the construction of a smart education ecosystem.
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