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With the rapid development of information technology and Internet resources, big data has penetrated
into all aspects of life, and deep learning technology has become an indispensable strategic resource.
In the new era of education driven by globalization and technology, the demand for high—quality online
courses is increasing day by day. Deep learning has become the key to improving educational quality.
Although online courses have achieved remarkable accomplishments, the problem of uneven course
quality still restricts their development, and technical means are urgently needed to solve it. This paper
adopts a multi—disciplinary perspective and uses text mining technology to analyze online course
reviews. It proposes that the convolutional kernel of neural networks combined with BLSTM can better
extract local and global feature information, revealing the key factors of high—quality courses and
providing theoretical support and practical suggestions for the optimization of online education. The
research uses natural language processing methods to compare the performance of the deep learning
BLSTM model in sentiment analysis, effectively solving the problem of extracting deep information from
texts, and providing scientific suggestions for the development of online education.
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