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Abstract : This thesis focuses on the intelligent analysis of online monitoring data of industrial pollution sources
and the construction of early warning models. Aiming at the problems of low processing efficiency and
delayed early warning of traditional monitoring data, an intelligent analysis method based on big data
and machine learning is proposed, and an early warning model is constructed through processes such
as data cleaning, feature extraction, and model training. The research results show that this model
can effectively improve the accuracy of data processing and the timeliness of early warning, provide
scientific decision support for the supervision of industrial pollution sources, and is of great significance
for promoting the intelligentdevelopment of environmental protection.
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