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Abstract : Tumor lectins are closely related to cancer and can be applied in clinical diagnosis, treatment, drug
delivery and cancer targeting fields. Therefore, enhancing the accuracy of its classification is of great
significance to disease research and can provide crucial support for a deeper understanding and the
conquest of cancer. This paper constructs a machine learning—based tumor lectin calculation method
(ZTL_M). This method extracts features through monoDiKGap, obtains the optimal feature collection
through F-score screening, and then completes the recognition using a multi-layer perceptron classifier.
The experiment adopted 5x cross—validation. The results showed that the recognition accuracy of
ZTL_M for tumor lectins reached 96.3%. The use of monoDiKGap can enhance the model's ability to
recognize tumor lectins. The ZTL_M method has better performance than some existing methods.
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